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Solutions

• Relaxing Checking Criterion (Threshold T) 

• Relaxing Checking Frequency (Degree K) 
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III. Evaluate on Object Detection and Tracking
• KITTI dataset for object detection, VOT-challange for tracking.

I. In house simulator modeling state-of-the art SoCs
• Real measurement of latency and energy on different IPs.

II. RTL Implementations for NPU and Predictor
• 20x20 Systolic Array for NPU, 10x10 Systolic Array for Predictor

IV. Different Input Resolutions



Baselines

I. Base
• Baseline with traditional execution pipeline

II. BO
• Baseline with optimized back-end

III. FCFS
• Traditional pipeline with multiple hardware IPs
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Conclusion

I. Long Latency Bottleneck Continuous Vision

II. Proactive Execution Pipeline
1) Leveraging Heterogeneities in Mobile SoCs 
2) Relaxed Checking

III. Non-mission-critical System
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